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Visual Learning Analytics: Exploring the Role of Visualization
HU Liru & CHEN Gaowei

( Faculty of Education The University of Hong Kong 999077 China)

Abstract: Visual learning analytics ( VLA) is an emergent interdisciplinary research area combining visual ana—
lytics and learning analytics. It aims to promote human — machine interaction through interactive graphical inter—
faces. It affords an opportunity to make full use of computers’ automated analysis and visualization to support human
reasoning and decision — making processes. Thus it has gained increasing attention in addressing challenges of edu—
cational big data and complex learning phenomena and become a new development trend of learning analytics. As
with learning analytics VLA is theory — driven. Yet the value of visualization techniques is not only the intuitive repre—
sentation of analysis results but also the support for explorative and confirmative data analysis. Existing studies have
suggested human learning as self — organized complex systems. Visual modeling is a major method in complex systems
sctence. Complex systems theories provide a strong theoretical foundation to take VLA as a new research methodology.
In this paper we propose a theoretical framework for VLA research based on complex systems theories and suggest a
representative analysts process of VLA approaches so as to guide the design development and application of VLA tools.
In the end we introduce four representative discourse analysis tools to demonsirate the characteristics functions and
analysis procedures of VLA tools in order to stimulate further exploration and development of this field.

Key words: visual learning analytics; learning analytics, visual analytics, visualization; discourse analysis,

complex systems
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